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TL;DR

1. Massive increase in interest in data and evidence – risk and utility 
should be separately measured but jointly determined

2. Theory of change should be clearly described – build in evaluation 
from the beginning

3. High value use cases should form the basis for initial investments –
establish innovation sandboxes/testbeds

4. Rethink current data infrastructures
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Risk-Utility Framework



Risk-Utility Framework in Practice
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Examples of Value Ceation
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Reconsider Data Collection
The full value of AI is often not realized without
high quality, trusted, dense, transparent data

For example
1. In social data, badly trained criminal justice algorithms and lack of 
transparency can lead to social harm
2. For customer care data, underrepresentation of certain demographic 
groups in training data leads to false positives and resultant inequitable 
treatment 
3. In natural hazards  data, sparse data leads to poor simulations of the 
impact of hurricane surges
4. For self-driving cars, sparse data on rare events can have significant 
negative impact 



Reconsider construct measurement
Employment
• Labor market activity (stability, employer match; coverage)

• Employment 
• Unemployment 
• Reemployment

• Labor market outcomes
• Earnings
• Number of jobs

• Organizational framework
• Firms
• Industries
• Occupations
• Geography
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